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Onmumizauis npouecy ynpasiinnsa 3anacamu noe’s-
3ana 3 NOWYKOM MOOENi NPOZHOIYBCAHHS, Memody nody-
006U 1AC06020 PA0Y NPOLHO3YEAHHSL, MOOEJI JI02ICMUMHOT
onepaujii, 6usHauenns 00TPYHMOBAH020 PiBHA CMPAX060-
20 3anacy i 6U3HAMEHHS KPUMePito Onmumizayii.

Yeniwnozo supimenns onmumizauiiinoi zadaui 6 uino-
MY MONHCHA OOMOZMUCS MILKU 6 MOMY GUNAOKY, AKULO
Oyoe ycniwmno supiuene 6eco KOMRIEKC JOKAILHUX 3a0aY
ynpaeninns. Ilpu uvomy memoo nodyoosu xoinmezpo-
8aH020 1AC06020 PAOY NPOZHOIYEAHHS NONUMY € UEHM-
PAILHOM0 JIAGHKOI0 MEXHOJI02i] ONMUMATILHOZ0 YNPABIIIHHS
3anacamu. Ile noe’azano 3 mum, wo imogipHicnuil xapax-
mep nonumy € 0CHOGHUM (PAKmMoOpom 3HUNCEHHS edek-
MUGHOCI YNPABAIHHS 6 CUCIEMAX U020 KAACY.

Ioxaszano, wo 3anpononosanuii memoo nioeuuien-
HA epexmueHoCmi YynpasaiHns moxce Oymu euxopucma-
HUll 8 OYOb-AKUX EKOHOMIMHUX CUCMEMAX, 36AAHCAIOUU
HA MOXMCUBICM CMBOPEHHS €OUHOT 102iCmuuHOi Modei
onepauii.

IIpononosanuii nioxio 3acnoseanuii nHa opmyean-
Hi 4aAC06020 Ps0Y, CREUIAIbHO NPUHAUEHO020 OJI BUPI-
WeHHS 3A60AHHS ONEPAMUBHO20 NPOZHO3YEAHHS NONUMY
8 cucmemax oydepusauii sanacie. Taxuil pso micmumo
Y €001 sk indpopmauito npo odcszu peanizoeanoi npooyx-
uii, max i 0amni no6’a3ami 3i CNOHCUCHUM NONUMOM.

OcKinvKku cnoxcusua axmueHicmo eunepedicac npo-
uec Qizuuno20 cnoxcusanHs Npooyxuii, 3’A6AAEMbCA
MONHCAUGICMb BUKOPUCMAHHS SUNEPEOHCATLHUX MapKe-
pie 6 3a0avax npoeHo3y8anms.

Hocnidxcenns onepauiiinux npouecie 3 6uKopucman-
HAM 6epidiuuposantozo nokasnuxa epexmuernocmi nio-
meepounu 2inome3y HAsLGHOCMI NONEPEOHCYBATLHUX MAD-
Kepie 6 pamkax cpopmosanozo mumuacoeozo psaoy npo-
2HO3Y6aHHSL.

Bcmanosaeno, wo maxcumanvia eexmuenicmo yn-
pasninns moxce 00cszamucs 6 pasi Gibuw HU3LKY Mmoy-
Hicmb no0y0osu modeni npoenosy. Ile nos’sazarno 3 mum,
wo J0zicmuuHa MoOdenv Onepauii 6paxosye eumpamu
nepemiwenns npooykuii ma it eapmicti OUIHKU HA 6X001
i 6ux00i onepauii

Kanrouoei croea: npoznosysanns nonumy, onepamueme
npPoZHO3Y6anHs, KOiHmMezPosanuii psio nonumy, epexmue-
HICMb BUKOPUCMAHHSA PeCYPCi6
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1. Introduction

Level of demand for a particular consumer product is
one of the main factors determining the feasibility of busi-
ness development and its scope [1]. Since the demand for
a consumer product is closely connected with its price cha-
racteristic [2], in conditions of a saturated market, economic
structures are faced with the problem of bettering efficiency
of production and distribution of final products.

Effectiveness of the system process is influenced by many
factors. They include the time of access to the sources of
technological and energy products, their cost, the degree of
development of the labor market, the degree of proximity of
the final product to final consumers, availability of a deve-

loped infrastructure for product transportation, etc. All these
factors are significant but stable enough making it possible to
take into account their influence at the enterprise creation
and development stages.

On the other hand, consumer demand is probabilistic in
its nature which leads to a significant worsening of manage-
ment efficiency and resource usage at the enterprise. Given
that demand is probabilistic but not random, the increase
in management efficiency is primarily achieved by using the
methods increasing accuracy of demand forecasting.

In stationary demand systems, this requires solution
of technological forecasting problems [3]. Such forecasting
features by the fact that the technological parameters of
intrasystem objects are the forecast objects.




In functional systems with their product demand of
non-stationary nature, characteristics of external processes
with respect to the system within which the forecast is made
are the forecast objects [4]. Low quality of demand forecast
in such systems is the main cause of low efficiency of ma-
nagement processes.

At the same time, an increase in forecast accuracy does not
necessarily results in an increase in management efficiency [5].

Thus, one of the main ways to improved efficiency of re-
source usage consists in development of methods increasing
efficiency of operational forecasting.

2. Literature review and problem statement

Despite long history of the issue, classical methods of
processing retrospective data in the form of a moving aver-
age [6], exponential smoothing [7], hyperbolic-exponential
smoothing [8], forecasting with exponential smooth mo-
ving [9, 10] are actively developing at present.

Active studies in these areas point to a series of problems
in the field of forecasting, in particular to the fact that solu-
tion to the problem of management efficiency is insistently
shifted into a plane of increasing forecasting accuracy. There-
fore, the use of neural-network technologies [10] and me-
thods for processing fuzzy information [12] expands methods
of data processing but does not solve the problem of impro-
ving the management efficiency [13].

One of the factors hindering development of methods for
bettering management efficiency is the use of technical crite-
ria based on assessment of the forecast accuracy. This refers
to a class of technical indicators, in particular, to such widely
used indicator as root-mean-square deviation.

Let us consider the problem essence.

Let there be a time series of demand within the frame-
work of which it is possible to distinguish a time interval
for forecasting (AB), a unit time interval within which the
forecast is generated (BC) and a planning horizon (CD) for
which the forecast is actually made. According to the results
of conditional forecasting, a deviation (c1) of the forecast
value from the actual value was obtained (Fig. 1, a).
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Fig. 1. Marked sections of the time series of demand
for solving the forecasting problem: CiD; planning
horizon (a); G, D, planning horizon, which is two times
larger than CyD; (b)

Naturally, when generating a forecast, one can change
values of the AB and CD sections and if the planning hori-
zon changes (CD section), the planned volume of sales will
change, too.

Suppose a case when at a two-fold increase in the
planning horizon, the value of root-mean-square deviation
decreased by 2 %. Does this mean that the use of new mo-
del parameters will lead to higher management efficiency?
Certainly not. An increase in of the planning horizon size

will necessitate an increase in the volume of purchased pro-
ducts almost twice which very likely reduce effectiveness of
the planned operation. On the other hand, if an increase in
the purchase volume will significantly reduce cost of a unit
volume of the purchased product, effectiveness of such an
operation may grow.

The above example shows that management efficiency is
related to forecasting accuracy, however to make a weighted
decision, it is necessary to use such an indicator as resource
utilization efficiency [14] and special methods of operations
research [15].

Analysis of [6-13, 16] also shows that development of
demand forecasting methods is based on using time series of
the demand itself as a time series of forecasting.

It is obvious, however, that this series contains informa-
tion about seasonal demand fluctuations and allows one to
make rather «rough» forecasts relying mainly on the market
inertance. However, this does not mean that it is unnecessary
to strive for bettering the forecasting accuracy. It must be
done. But the increase in forecasting accuracy in conjunction
with pricing policy should affect improvement of manage-
ment efficiency.

Thus, enhancing management efficiency by means of
improvement of forecasting accuracy is an important scien-
tific task.

1. It has been established that the improved efficiency
of logistic system management is ensured by the method of
increasing efficiency of demand forecasting.

2. The proposed method for determining optimal ma-
nagement in logistic systems is based on determination of
such operation model parameters as scaling interval, forecast
interval, product delivery time, planning horizon. In this
case, choice of the best parameters of the operation model
is determined by the criterion of resource usage efficiency
based on the cost parameters of the product and the costs
associated with its movement.

3. A method for formation of a cointegrated time series
of demand forecasting was proposed. It is based on the use
of the data structure of the number-of-consumers time series
and the corresponding quantitative parameters of volumes
of the product consumed. Such a series contains both infor-
mation on sales volumes and that related to the consumer
demand. Compared with the use as a series for forecasting
sales volumes, the proposed cointegrated series contains
anticipatory indicator signals. This allows one to forecast
future variations in sales dynamics before its appearance
in a trend.

3. The aim and objectives of the study

The study objective was to improve management effi-
ciency by developing a method for generating a time series
with anticipatory capabilities to solve the problem of raising
efficiency of demand forecasting.

To achieve the objective, the following tasks were set:

— develop a method of anticipatory diagnosis of changes
in the sales trend using the data of the factor marker;

— develop a method of forming an optimal management
based on the developed model of logistic operation which
takes into account features of the method of anticipatory
diagnosis of changes in the demand dynamics, the costs of
movement of the product and its valuation at the operation
input and output.



4. The model of operation of a logistic system

Basis of any enterprise is formed by functional systems of
three classes: moving, transforming, and buffering systems.
If a trading system is considered, its typical architecture is
shown in Fig. 2.
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Fig. 2. OS is the external product delivery system;
ST1 is the system for moving products from an external
supplier; SB1 is the input product buffering system; ST2 is
the buffering system in the area accessible to the consumer;
SB2 is the buffering system in the customer service area;
CS is the product consumers; LS is the logistic system

Here, stocks move from the supplier to the consumer
through the use of two movement systems (Fig. 3).
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Fig. 3. The process of moving products from a supplier
to a consumer

In order to manage the products movement from a sup-
plier to an enterprise, it is necessary to have an idea about the
level of demand for the enterprise product, the general stocks
level of the buffering systems, transportation costs and the
supplier’s price policy.

Fulfillment of this task requires special information from
the functional systems of the enterprise, suppliers of the
product, its processing and formation of management.

Such system of a conversion class was defined by the
concept of «logistic system».

An objective need to use such a system relates to the fact
that the moving systems, the internal processes of the pro-
duct supplier and its location affect the system process in the
form of delays and costs (Fig. 4).
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Fig. 4. Logistic system in the structure of the linear part
of the commercial enterprise

In addition, each supplier has a certain pricing policy and
organization of movement processes requires costs.

Management in production systems is realized in a some-
what different way (Fig. 5).

Knowing percentage of products from supplier 1 and
supplier 2 in the enterprise output, the structure shown in
Fig. 5 can be converted to two structures equivalent to that
shown in Fig. 4.
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Fig. 5. Structure of a two-product production system

Thus, approach to stocks management in trading and
production systems has a single logistic model of the corre-
sponding functional system.

In order to form a management signal (U) for replenish-
ment of stocks, it is necessary to obtain value of the product
remainder at the time of management formation (R), gene-
rate sales forecast relative to the sampling interval (PF), have
information about the time of delivery of the production
batch (Tp), determine value of the planning horizon (7) and
amount of reserve stocks (PQ).

Then, the stocks remaining at the time of receipt of the
new batch (R’) can be determined as a difference between the
stocks remaining at the time of management formation and
the amount of the planned product sales in the time interval

of delivery (TT):
R'=R-PF-TT.

Replenishment is unnecessary if:
R'>(PF-GP+5Z).

Otherwise, amount of the batch of stocks replenishment
is determined as the difference between the sales forecast on
the planning horizon taking into account the reserve stocks
and the remaining stocks at the time of receipt of a new pro-
duct batch (Fig. 6).
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Fig. 6. Explanation of quantitative determination of the size
of the batch of stocks replenishment

In a general case, the estimated value of the magnitude
of stocks replenishment is determined from the expression:

oy [PE-GP+SZ=R',if R'<(PF-GP+57)
2=, if R">(PF-GP+5Z).

As can be seen, this requires information about the delivery
time. All other parameters (PF, PH, §Z) are determined by exa-
mining simulated operations using the forecasting time series.



However, this is not enough to form management since
the planning horizon size can change. Value of the volume of
external replenishment can affect valuation of a unit input
product batch and, consequently, the operation efficiency.

Thus, to assess effectiveness of a logistic operation, data
is needed not only on the quantitative parameters of the
input and output product flows but also on the cost parame-
ters (Fig. 7).
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Fig. 7. Conceptual model of the logistic operation:
OP is the operation process; RQ’ is the volume of
the product replenishment batch; RSis the unit cost estimate
for the input batch of replenishment products; 77 is the time
interval for delivery of the input batch of products;
RQ"” is the carry-over stocks batch; pg(t) is the time series
of sales volumes; PQ s the size of the reserve stocks batch;
PSis the cost estimate of a unit of the realized output
product batch

Without exception, all parameters at the input of the lo-
gistic operation are determined based on the forecast time se-
ries, that is, the higher forecast capabilities of the method used
the forecast generation, the more effective the management.

5. The time series of the demand forecast

The principle of generation of any forecast is reduced to
choosing a method for processing the nearest section of retro-
spective data (of the forecast interval) and using the possi-
bility of extrapolation of the resulting trend for the future
time period (of the planning horizon). At the same time, it
is necessary to determine optimal parameters of the forecast
interval itself, the planning horizon and the choice of a model
for generation of the forecast.

However, all these methods are well developed and have
exhausted themselves as a source of increasing management
efficiency.

It is obvious that the maximum management efficiency can
be obtained only if the forecast itself is absolutely accurate.

It is clear that it is impossible to achieve absolute accuracy
since the cause of reduction or demand growth is beyond the
scope of the functional system. However, it is quite possible
to further improve management efficiency if not only capabi-
lities of the time series of sales volumes but also the time series
of the number of buyers are used to generate the forecast.

For example, sales volumes can be used as a time series of
demand only if the level of reserve stocks has not dropped to
a critical level. Thus, judgment of the past level of demand
for products (Fig. 8) can be expressed at the A and C sections
while the level of reserves has decreased to zero at B section.

On the other hand, it is obvious that it is impossible to
explain the cause of change in demand in the C section based
on the data of sales in the B section. This is due to the fact
that the sales data do not contain indicators that can be used
to forecast the future demands trend.
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Fig. 8. Retrospective data on products movement:
sales volume (a); stock remainder (b);
the number of buyers (c)

Here, it is possible to assess trends associated with
seasonality of demand, the influence of weather conditions
or holiday dates. However, the forecast should take into
account not only influence of natural factors on the overall
trend but also changes in demand within the trend of natural
changes.

Let us express a hypothesis that the data on time series
of the number of product buyers can be used as markers of
future changes in demand (Fig. 8, ¢). Then, using data on
the time series of sales volumes and the number of product
consumers, one can form a cointegrated time series. Its data
can be used to generate more accurate forecasts. The use of
more accurate forecasts will improve management efficiency
in logistic systems.

This hypothesis cannot be substantiated theoretically
since the demand for products is the result of functioning of
external systems whose operation principles and parameters
are inaccessible to the logistic system. Therefore, the method
can be verified only indirectly by evaluating the results of
effectiveness of the operational process based on the use
of synthesized time series.



The hypothesis can be considered confirmed in the event
that the management efficiency increases when using the
synthesized time series as the time series of demand.

The time series obtained by combining the data of the  where cgjis the number of buyers in the unit sampling inter-
time series of product sales and the time series of the number  val j, pf;j is the value of the demand forecasting series in the
of consumers can be defined as a time series of forecasting or ~ unit sampling interval j (Fig. 4).

a forecasting function.

)

PQ.
Ph=ccg,
7

The idea that behavior of externally weakly intercon- j=k.m
nected economic variables leads to some interconnected
change has led to the development of a theory of cointegrated Fig. 10 shows an example of converting a time series of

time series in order to construct an error correction mo-  the number of buyers (Fig. 10, a) and a time series of vo-
del [17]. Therefore, the time series of demand forecasting is  lumes of consumed products (Fig. 10, b) into a time series of

also defined further in the text as a cointegrated time series.  demand forecast (Fig. 10, ¢).
a b A
6. A method to form o o 5 >
the forecasting function S7
-« B

In order to use forecasting ca-
pabilities of the time series of the
number of consumers and gain ac-
cess to quantitative parameters of
production volumes, it is necessary
to construct a time series combining
these data.

The method’s essence consists in
generation of a time series whose
properties include structural data re-
lated to purchase requirement and
quantitative data related to sales vo-
lumes.

So, the number of buyers is deter-
mined in the section [ab] according
to the data of the A series (Fig. 9):

b
= Zqu, i=a.b,
a

and the consumption volume is deter-
mined according to the B series:

b
PQ, = qui, i=a..b,

where [a, b] is the scaling inter-
val (81); CQj is the number of buyers
in the scaling interval; cg; is the num-
ber of customers in a unit sampling
interval; i is the current sampling
interval; PQ;is the volume of the pro-
duct consumed in the scaling inter-
val; pg; is the volume of the product
consumed in a unit sampling interval;
j is the unit sampling interval that im-
mediately follows the scaling interval.

Next, average sales per customer
in a unit sampling interval, j pq;) are
determined:

P,
]

and the value of the forecasting time
series in a unit sampling interval:

k m
Fig. 9. The principle of forming a time series of demand forecast (C) based
on the time series of the product consumption volume (A) and the number of buyers
of this product (B)
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Fig. 10. Converting the data of sales volumes and the number of buyers into a time
series of demand forecast: sales volumes (a); the number of buyers (b); cointegrated
demand forecasting series (¢)



Thus, the cointegrated time series (Fig. 4, c¢) obtained
by processing time series (Fig. 4, a, b) will be used as a time
series for forecast generation but not the series of volumes of
products consumed daily.

6. The method and results of comparative study
of forecasting effectiveness

In order to assess the possibility of using the cointegrated
time series in the demand forecast problems, it is necessary to
compare the forecast results based on the use of the original
and synthesized series.

The process of management formation is reduced to
determination of the reference forecast interval and the
planning horizon. What concerns the synthesized series,
determination of the scaling interval magnitude is also
required.

Studies have shown (Fig. 11) that with a change in the
reference forecast interval (RFI), the maximum forecast effi-
ciency is achieved at RFI=21.

Fig. 12 shows results of the study when the size of the
planning horizon changes.
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Fig. 11. Dependence of forecast effectiveness on change

in the reference forecast interval
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Fig. 12. Dependence of efficiency and root-mean-square
deviation of the forecast value on the actual demand
when the planning horizon (PH) changes

Studies have shown that efficiency of the operational pro-
cess for a given product is maximum if the planning horizon
value PH=35 is adopted. In parallel, such a parameter as the
root-mean-square deviation was assessed.

One can see that the forecast accuracy increases with an
increase in PH. However, the value of PH=35 corresponds to
the maximum efficiency.

Using the selected RFI and PH values, efficiency of ope-
rational processes was determined when the size of the reserve
stocks (ST) changed (Fig. 13).
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Fig. 13. Dependence of effectiveness
of the demand forecasting process on the use
of the sales volume (1) and cointegrated series (2)
as forecast series

One can see that maximum efficiency of the operational
process of assessing the management parameters in the case
of using the cointegrated series is 10 % higher for the reserve
stocks of 9 units.

7. Discussion of the results obtained
in the studies related to assessment of the expected
effectiveness of parameters

A typical requirement to the forecast result is its accu-
racy. Such an opinion can be considered an axiom when it
comes to environmental, scientific, and technical forecast or
weather forecast.

The demand forecast falls into the category of forecasts
where accuracy gives way to efficiency.

For example, if growth of the planning horizon raises the
forecast accuracy by 1 % but requires a two-fold increase in
the volume of purchases, a less accurate forecast will be pre-
ferred since efficiency of the generated operations is higher in
the first case. Certainly, in this case, the indicator of resource
usage efficiency takes into account accuracy of forecasting as
well but with taking into account resource consumption and
pricing policy.

At the same time, an increase in forecasting accuracy can
be obtained through the use of factor criteria.

In this case, the universal anticipatory index was used:
the number of purchases.

The fact that management efficiency increases with
cointegrated forecasting series taken as a basis is clearly
shown graphically in Fig. 13. At the same time, to use the
proposed method, there is no need to collect additional spe-
cific data.

The fact of improving management efficiency with the
use of combined series indicates that before increasing con-
sumption of a particular product, the number of small pur-
chases first increases.

Definitely, the proposed method will work reliably only if
there were no noticeable areas of product shortage or hidden
deficit during functioning of the enterprise.



Fig. 14 shows how the hidden deficit in location b leads to
a change in demand relative to location a.

This means that availability of a non-zero stocks level
does not guarantee working quality of the proposed method.
It is necessary to conduct additional studies to determine
value of the hidden deficit level and apply a method of con-
structing the demand time series in conditions of presence of

8. Conclusions

1. It has been established that the increase in manage-
ment efficiency in logistic systems is provided by the method
of improving efficiency of demand forecasting.

2. The proposed method of determining optimal manage-
ment in logistic systems is based on determination of such

this deficit.

parameters of the operation model as scaling interval, fore-
cast interval, product delivery time, planning horizon. In this

IRQ(t), P : case, choice of the best parameters of the operation model
RQ(t) | > 3 is determined by the criterion of resource usage efficiency
J-l_ P b > based on the product cost parameters and the costs associa-
10 ‘l ted with the product movement.
8 ‘ 3. A method of formation of a cointegrated time series of
t demand forecasting was proposed. It is based on using the
6 i IRQ(1) structure of data of the time series of the number of consu-
4 mers and corresponding quantitative parameters of volumes
) 1 y of products consumed. Such a series contains both informa-
<RQ(t) S tion on sales volumes and data related to consumer demand.
0 Compared with the use as a series for forecasting sales volu-
116 31 46 61 76 91 106 121136 151166 181196 mes, the proposed cointegrated series contains anticipatory
Fig. 14. Change in the volume of products consumed indicator signals. This makes it possible to forecast future

with a change in stocks levels change in sales dynamics before its appearance in a trend.
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