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FORECASTING THE CRYPTOCURRENCY EXCHANGE RATE BASED
ON THE RANKING OF EXPERT OPINIONS

To date, most existing cryptocurrency exchanges do not have in their arsenal tools that would allow them to verify and investigate the
information disseminated on social networks regarding a particular cryptocurrency. This makes it possible to conduct a relevant
research with the subsequent development of a tool that, if used correctly, will provide users with advisory advice on further actions in
relation to the cryptocurrency under study in the system. Based on this advice, interested parties will be able to adjust their decisions
regarding further financial steps. The basis of most recommender systems is always the need to identify some influencing factors,
which are later given certain weights to facilitate and simplify the formulation of further advice for users. In this paper, we study the
influence of celebrity publications on the formation of prices for a particular cryptocurrency at a certain point in time. The importance
and existence of this influence was previously proven by statistical methods. The purpose of the study is to develop an algorithm
for studying the level of influence of posts of each of the selected group of experts in social networks on the cryptocurrency rate.
The object of the study is the forecast of cryptocurrency rates. The input data used were the list of experts whose level of influence
will be studied, the time interval of the study, the number of posts made by each of the experts in question over the specified period
of time, and the actual cryptocurrency rates for the relevant period. The experts were well-known personalities who are either
knowledgeable in the field of finance in general and cryptocurrencies in particular, or whose activities are somehow related to
a particular cryptocurrency. Research methods. Experts are ranked based on the full probability and Bayesian formulas. Forecasting
of cryptocurrency rates in a selected period of time is carried out using the algorithm for forecasting cryptocurrency rates based
on expert posts on social networks (ATAPSN). To control the accuracy of forecasts, the relative average error is calculated.
Recommendations for financial transactions with cryptocurrencies are formed by entering the critical value of the exchange rate and
calculating the arithmetic mean of cryptocurrency exchange rates for a specified period of time. Results. As a result of the research,
an algorithm has been developed that allows taking into account the impact of the posts of each of the selected ranked group
of experts on changes in the rates of a particular cryptocurrency. On the basis of the obtained forecasts, the paper presents
a methodology for forming recommendations for financial transactions with them.

Keywords: cryptocurrency exchange rate; forecasting algorithm; social media posts; ranking of a group of experts; information
technology of intellectual analysis.

1. Introduction

At the moment, there are a huge number of
publications and various information on various
cryptocurrencies, which leads to a constant growth
in the popularity of this topic among all age groups.
This is due to the relative ease of entering cryptocurrency
exchanges for further interaction with cryptocurrencies.
Users of most cryptocurrency exchanges are provided
with a fairly wide range of financial transactions
and other opportunities. The simplest and therefore the
most popular are buying and selling cryptocurrencies.
These operations require minimal skills from the user,
but they also do not have high liquidity. That is, the
exchange does not provide users with conditions for
rapid enrichment through the use of basic skills.
However, developers and owners of cryptocurrencies
are interested in the widest possible distribution of their
own products, so exchanges, in turn, try to encourage
people to use more "advanced" technologies and

opportunities provided by the system. Certain tools allow
you to analyze the state of the market in relation to
a selected cryptocurrency and thus formulate a theory
about its future course. These information manipulations,
once disseminated on social media, encourage many
users to take appropriate action.

Thus, the relevance of this study is due to the
growth of an already large amount of information
about cryptocurrencies, which is aimed specifically at
encouraging people to take appropriate actions in relation
to certain cryptocurrencies.

However, most of the existing cryptocurrency
exchanges currently do not have tools in their arsenal
that would allow them to verify and investigate the
information disseminated on social media regarding
a particular cryptocurrency. This allows us to conduct
a relevant study with the subsequent development of
a corresponding tool that, if used correctly, will provide
users with advisory advice on further actions regarding
the cryptocurrency under study in the system. Based on
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this advice, interested parties will be able to adjust
their decisions regarding further financial steps.

Most recommender systems are always based on the
need to identify certain factors of influence, which are
later given certain weights to facilitate and simplify
the formulation of further advice for users.

In our case, it is the influence of publications
of famous people on the formation of prices for
a certain cryptocurrency at a certain point in time that
is being studied. The importance and existence of
this influence has been proven by the authors of this
paper in previous studies.

2. Literature review and problem statement

In general, the collection and processing of data
from publications on cryptocurrencies from social
networks and other online information platforms is
a rather significant task, as they can provide a lot of
useful and comprehensive information that will be
necessary to build a high-quality mathematical model
for further forecasting.

Paper [1] discusses the process of computer
detection and categorization of opinions expressed in
a piece of text in order to determine whether the writer's
attitude toward a particular topic, product, etc. is positive,
negative, or neutral. In the present study, a detailed
study was conducted: sentiment analysis and its
cause-and-effect relationship. Also, with the help of
sentiment analysis, a generalized event was determined
on its basis and taking into account the time. The results
of the analysis of the cause-and-effect relationship
can be used not only to determine the causes and effects,
but also to further predict user sentiment. The main part
of the publication is an overview of the combination
of these approaches, which are combined into a single
model that allows you to determine the mood during
future events, as well as create a time forecast for the
length of the interval between certain events. The average
relative error was used to assess the accuracy.

To search for publications that meet certain
requirements, such as the number, a single text format,
and others, you need to select a specific social network.
Twitter (currently X) meets the requirements well,
and work [2] describes in detail the special linguistic
analysis and statistics in this social network. The main
purpose of the study, the authors noted, was to identify
criminal elements in the United States by modeling
topics of discussion and then incorporating them into
a crime prediction model. A thorough analysis of

the impact of publications in social networks on the
potential for certain criminal acts to occur in the future
was conducted.

Paper [3] provides a comprehensive reference
for researchers and practitioners, covering all areas
that contribute to the construction and analysis of
social networks.

Paper [4] is quite relevant today due to the difficult
epidemiological situation in the world. It analyzed
microblogs on Twitter and proposed several methods
for identifying messages. It was determined that over
ten weeks, out of more than five hundred thousand
reports, the best model achieved a correlation of
0.78 using the CDC statistical method.

Also, one should not miss online blogs, where many
people express their own opinions and visions of certain
problems. In [5], a study was conducted to identify
hate groups. The proposed approach is semi-automatic
and consists of four modules, namely: blog spider,
information retrieval, network analysis, and visualization.
The study was conducted on the Xanga blog site.
The results of the analysis were to identify some
interesting demographic and topological characteristics
in hate groups and to identify at least two large
communities in addition to smaller ones. The proposed
approach is also appropriate for studying hate groups
and other related communities on blogs.

For business and the financial market, the process of
analyzing large amounts of data and understanding the
needs of the majority of people is very important, as it
directly affects the income of the company and
individuals. The research conducted in [6] was aimed at
identifying the dominant factors that lead to currency
crises. Also, this publication is intended to identify and
characterize currency crises, as well as to predict the
potential occurrence of the latter at an early stage. This
will save managers some time to improve their crisis
management policies and adjust their responses.

Paper [7] investigated the dynamics of linear and
nonlinear, serial dependencies in financial time series
within a moving window. In particular, attention is
focused on identifying episodes of statistically significant
two- and three-point correlation in the returns of several
leading exchange rates, which may offer some potential
for their predictability. The moving window approach
was used to capture the dynamics of correlation for
different window lengths and to analyze the distribution
of periods with statistically significant correlations.
It was found that for sufficiently large window lengths,
these distributions correspond well to a power law.
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The predictability itself is measured by the hit rate,
i.e., the level of consistency between the actual return
features and their predictions obtained using a simple
correlation-based predictor.

It should be noted that all of the above studies are
general in nature and do not provide results of forecasting
currency rates, including cryptocurrencies. Accordingly,
the factors that influence them were not investigated.

In [8], the authors study the main macroeconomic
indicators of influence on the US dollar exchange rate
in Ukraine: purchase/sale of cash currency, purchase/sale
of non-cash currency, balance of purchase/sale of cash
and non-cash currency, current year inflation, nominal
and real GDP, purchase/sale by bank customers,
transactions between banks, gross and net international
reserves, unemployment rate, discount (interest) rate,
balance of foreign exchange interventions, and volume
of transactions of nominal value. The main economic
components of exchange rate formation were identified
using the principal components method. Using the
statistical models ARIMA, Exponential Smoothing
and SSA, the values of the selected factors of influence
are predicted. The values of exchange rates are forecasted
using regression models built by Fast Tree, Fast Forest,
Fast Tree Tweedie and Gam algorithms, and the obtained
values are tested for accuracy. This work did not forecast
cryptocurrency rates and did not study the impact of such
a factor as publications in social networks.

Paper [9] analyzes the methods, areas of application,
and approaches to analyzing publications and forecasting
events based on the collected data, and presents a model
for assessing the impact of publications on changes in the
cryptocurrency rate, taking into account the posts of
only one expert. The author justifies the relevance
of the topic and describes the possibilities of appropriate
application of the results of the work. The main stages
of working with event forecasting data are identified,
namely: data pre-processing, further analysis and
forecasting. This paper did not study the level of
influence of publications of a group of experts in social
networks on the cryptocurrency rate.

Paper [10] presents an algorithm for assessing the
impact of the publications of a "main expert" on the
cryptocurrency rate. This paper describes the process
of determining the most influential ("main") expert and
obtaining forecasts based on his or her posts on the rate
of the selected cryptocurrency. This paper did not
investigate the level of influence of all selected experts'
publications on social media on the cryptocurrency
rate. However, this algorithm is a transitional stage

to algorithms for predicting the cryptocurrency rate
taking into account the posts of each of the selected
group of experts.

As part of the research presented in papers [8-10],
appropriate information systems were created to
implement the above tasks of data mining.

The above analysis shows that the influence of
certain factors on the cryptocurrency rate, in particular
the influence of posts by famous people in social
networks, is still not sufficiently developed and requires
further research.

3. Aim and objectives of the study

The aim of the study is to develop an algorithm
for studying the level of influence of posts of each
of the selected group of experts in social networks
on the cryptocurrency rate.

This algorithm will potentially provide an opportunity
to increase the reliability of the forecast regarding the rate
of the selected cryptocurrency for the purpose of further
formulating recommendations.

To achieve this aim, the following tasks were set:

— to select a group of experts;

— to rank the selected group of experts according
to the level of influence on the rate of the specified
cryptocurrency;

— to obtain a forecast for the rate of a certain
cryptocurrency, taking into account the posts in a certain
social network of the selected group of experts based
on the previously conducted ranking of experts;

— to formulate recommendations for financial
transactions with  cryptocurrencies based on the
obtained forecasts.

4. Materials and methods of the study

The object of the study is the forecast of
cryptocurrency rates.

The information required to analyze the level of
influence of social media posts on cryptocurrency rates
is a list of experts whose level of influence will
be studied, the time interval of the study, the number
of posts made by each of the experts in question during
the specified period of time, as well as the actual
cryptocurrency rates for the relevant period.

The experts were well-known personalities who
are either knowledgeable in the field of finance in general
and cryptocurrencies in particular, or whose activities are
somehow related to a particular cryptocurrency.
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Approximate samples of the datasets are shown
in Table 1 and Table 2.

Table 1. The rate of the selected cryptocurrency for the
specified period of time

Recommendations for financial transactions with
cryptocurrencies are formed by entering a critical rate
value and calculating the arithmetic mean of
cryptocurrency rates for a specified period of time.

5. An algorithm for predicting cryptocurrency rates
based on posts of a group of experts in social networks

A moment in time Rate value
tl Xl
t2 X2
tS XS

Table 2. Number of posts by selected experts for the
specified period of time

Number Number of posts related
Expert
of posts to cryptocurrency
Expert 1 m, k,
Expert 2 m, k,
Expert N m, K,
Table 1 shows the rates of the selected
cryptocurrency X, X,,..., X, in the selected time

period t,t, ..., t;, which can be taken from the Binance
crypto exchange website [11].
In Table 2, m,m,,...m, are the frequencies of

expert posts, k;,k,,.. K, are the frequencies of expert

posts related to a particular cryptocurrency.

The data generated in this way is the input for
this study. In the future, it is necessary to:

— analyze the number of posts by selected experts
on the social network;

— to rank the group of experts;

— to obtain a forecast of the cryptocurrency rate,
taking into account the posts of the selected group
of experts after their ranking;

— formulate recommendations for financial
transactions in relation to the selected cryptocurrency.

The use of a mathematical apparatus based on the
full probability and Bayesian formulas makes it possible
to use this information to rank the selected group
of experts, depending on the probability with which
each expert will post on a social network during
the period under consideration [10].

Forecasting the rates of the selected cryptocurrency
is carried out using the ATAPSN algorithm [9]
(an algorithm based on posts in social networks).
To control the accuracy of forecasts, the average relative
error is calculated.

5.1. Selection of a group of experts
Problem statement:
From the set of users of a social network, we select

a subset A=(a,a,,..,a,) of users who satisfy the

following requirements [12]

— the user must be a public figure;

— each user must be active in the selected social
network and have a significant number of subscribers;

— users have different professional activities;

— the main professional activity of the users is
somehow related to the use of cryptocurrency;

— each pairofusers a; and a;, i, j=1,2,..n,i#],
does not maintain communication in the selected
social network (they are not friends and do not respond
to each other's posts);

— each user has a sufficient qualification level
in the financial sector.

Let's call these users experts. In the future, we will
take their posts in the selected social network into
account when predicting the rate of a certain
cryptocurrency.

Let's assume that over a certain period of time,
experts have made m posts in a social network, and k of
them are related to a certain cryptocurrency. We consider
the context of the posts to be arbitrary. Expert a,

published m, posts during the specified period of time,
of which k; posts are related to a certain cryptocurrency,
expert a, published m, posts, of which k, posts are
related to a certain cryptocurrency, etc. The last
expert a, has published m_ posts, of which k, posts are
related to a certain cryptocurrency. Then:
m +m,+..+m, =m.
k, +k, +.+k =k, 1)
where m,,m,,...,m_ — frequency of expert posts;
k,,k,,.,k, — the frequency of expert posts

related to a particular cryptocurrency.
It is necessary to calculate the frequency of posts
of all selected experts for an optional time interval [13].
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Justification:

Such a choice of experts is due to the need to form
a set of such experts who will be independent of
each other both in the space of the chosen social network
and in the professional space.

5.2. Ranking of a group of experts
by the level of influence on the rate
of the selected cryptocurrency
Problem statement:

Based on the list of experts: A=(a,a,,...a,)

obtained in paragraph 5.1. and taking into account
the frequencies of their posts in the selected social
network for the specified period of time — m,,m, ..., m

(also k;,k,,...k,), given in Table 2, it is necessary
to rank the experts in terms of their influence on the
rate of the selected cryptocurrency.

The formulated problem can be easily interpreted
as a classical probabilistic problem: for a certain
period of time, m posts were written. It is known
that n experts published posts during this period,
where m,,m, ..., m are the frequencies of expert posts,

k,,k,,....,k, are the frequencies of expert posts related

to the selected cryptocurrency. Event A means that
in an arbitrary period of time one of the experts
wrote a post related to the selected cryptocurrency.
It is necessary to determine which expert is more likely
to have made this post [14].

Justification:

Event A — at any moment of time t from the

interval [0;T] (in the table 1 t, =0, t;=T) a post
related to the chosen cryptocurrency was written.
Hypothesis H, — the post was written by an expert 1,

hypothesis H, — the post was written by an expert 2,

hypothesis H, —the post was written by an expert n.

Let wus assume that events H;, and

H; i,j=12,...,ni#] are pairwise independent.
These assumptions can be made on the basis of
the list of requirements that experts must meet
(see Section 5.1).

According to the full probability formula:

P(A)=YP(H,)P(ATH,) @)

where

P(H,)=m/m, P(A/H)=k/m , (3)
m, —number of publications made by the i -th expert;
k. — the number of publications made by the i -th expert
related to the selected cryptocurrency;

m — total number of publications for the period[0;T];

P(Hi) — the probability that the post was published
by the i -th expert;

P(A/H;) - is the probability that a post related to the
selected cryptocurrency was written at any time, provided
that this post was written by the i -th expert.

Then, using the Bayesian formula: for each expert,
we calculate the probability that the i -th expert created

the post, if it is known that it was definitely written by
one of the experts during the period under consideration.

P(H,)P(AH))

P(H/A)= ————+1 12 4
(H/A) =00 @

where P(H;) - the probability that the post was

published by the i -th expert;

P(A/H,) —is the probability that at any time t
from the interval [O;T] a post related to the selected
cryptocurrency was written, provided that the publication
was written by the i-th expert, P(H;/A) — is the
probability that the post was written by the i -th expert,
provided that we know that at any time t a post related
to the selected cryptocurrency was created.

The obtained a posteriori probabilities are arranged
in descending order. This means that the expert with

the highest probability P(H;/A) will have the greatest
impact on the rate of the selected cryptocurrency in the
interval [0;T]. Next, the expert with the next highest

probability P(H,/A) is selected, and so on. As a result,

we get a ranked list of experts according to the
impact of their posts on social media on the

cryptocurrency rate A" =(a;, a;,..., a; ).
It should be noted that such a ranking also allows

you to assess the impact of a group of experts on the
rate of a particular cryptocurrency over the forecast

period [T;T +At], since the impact of publications made
during the time period [0;T] also extends to a certain
period of time [T;T + At].
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In addition to the above, the following ranking
criteria can also be used [15]:

— the number of subscribers is directly
proportional to the value of the influence of this expert
on a certain audience;

— activity — frequency and regularity of
publications on the topic of cryptocurrencies;

— forecast history — the percentage of successful
forecasts;

— social capital — cooperation with financial
organizations;

— regional influence — influence in a specific
geographical region;

— thematic socialization — focus on specific
cryptocurrencies or blockchain technologies;

— time factor — the relevance of information
and the speed of its dissemination.

It should be noted that the use of each of these
alternative criteria for ranking experts requires the use
of a unique mathematical apparatus and is planned
for further research.

5.3. Obtaining a forecast of the cryptocurrency rate,
taking into account the posts in the social network
of the selected group of experts based
on the ranking of experts

Problem statement:

Let there be some training set X = (X, X,,....X;),
where s —is the sample size, which consists of the actual
rate of a certain cryptocurrency for the time period [O;T]

(the sample is based on the time series from Table 1).
It is necessary to obtain forecasts of the rate of
the selected cryptocurrency for the next period of

time [T;T+At], taking into account the ranking of

experts carried out in paragraph 5.2.

Justification:

The proposed algorithm is based on the following
principle: each selected expert has a certain influence
on the cryptocurrency rate. In other words, in order
to obtain a forecast with the desired accuracy,
it is necessary to gradually take into account the posts
of not only the "main" (most influential) expert,
but also others [10].

Thus, taking into account the posts of each expert
from the most influential to the least influential is
an iterative process consisting of the following steps:

Step 0. Set a threshold for the mean relative
prediction error, as well as the values of T and At.

Stage 1
Step 1.1. Using the ATAPSN [9], using the training

sample X, obtain forecasts of cryptocurrency rates
for the period [T;T +At], taking into account the posts
of the expert who is the first in the ranked list.

Step 1.2. Form a sample X from the time series
shown in Table 1 for the time period [T;T + At] .

Step 1.3. From the forecasts obtained in step 1.1
for the time period [T;T +At], form a sample Y .

Step 1.4. To check the accuracy of the forecast,
calculate the average relative forecasting error:

S X —
MaPE, =+ ZMNO% , ©)
stE X
where X, —elements of the sample X,

Yy, —elements of the sample Y,

| =15, s —the volume of samples X and Y [16].

Step 1.5. If the MAPE, value does not exceed

the specified threshold, the algorithm is complete.

If the MAPE, value exceeds the specified threshold,
then proceed to the next step.

Stage 2
Step 2.1. Using the ATAPSN [9], using the training

sample X and the forecasts from step 1.1, obtain
forecasts of cryptocurrency rates for the period

[T +At;T +2At], taking into account the posts of the
expert who is second in the ranked list.

Step 2.2. Form a sample X from Table 1 for the
time period [T +At;T + 2At] .

Step 2.3. From the forecasts obtained in step 2.1
for the time period [T +At;T +2At], form a sample Y .

Step 2.4. To verify the accuracy of the forecast,
calculate the MAPE, using formula (5).

Step 2.5. If the MAPE, value does not exceed
the specified threshold, the algorithm is complete.
If the MAPE, value exceeds the specified threshold,
then proceed to the next step.

Stage n

Step n.1. Using the ATAPSN [9], using the training

sample X and the forecasts from step n-1.1, obtain
forecasts of cryptocurrency rates for the period

[T +(n—1)At;T+nAt] taking into account the posts
of the expert who is next in the ranked list.

Step n.2. Form a sample X from Table 1 for the
time period [T +(n—1)At;T +naAt .
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Step n.3. From the forecasts obtained in step n.1 for the
time period [T +(n—1)At;T +nat |, form the sample Y .

Step n.4. To check the accuracy of the forecast,
calculate the MAPE, using formula (5).

Thus, the maximum possible number of steps of the
algorithm after receiving forecasts of cryptocurrency

rates for the period [T+(n—1)At;T +nat], taking

into account the posts of the expert who is the last
in the ranked list and calculating the corresponding
MAPE, , is n.

It should also be noted that at each stage, the
sample X is formed at the corresponding time interval
based on the time series from Table 1, and the sample Y
is built from the forecasts of the cryptocurrency rate
at the same time interval at the same time points
as the corresponding sample X . This makes it possible
to justify the legitimacy of the transition from time
series to statistical samples and thus correctly
calculate all MAPEs.

5.4. Formation of recommendations
for financial transactions regarding
cryptocurrencies based on the obtained forecasts

Problem statement:

Based on the forecast of the rates of the selected
cryptocurrency obtained in clause 5.3, formulate
recommendations for  possible  further financial
transactions in relation to this cryptocurrency.

Justification:

Obtaining sufficiently accurate forecasts of the rates
of the selected cryptocurrency (see paragraph 5.3) allows
you to track the trends of their change over the period

[T+(n—-1)At;T +nAt]. Based on this, it is possible

to make recommendations on the expediency of buying
or selling cryptocurrencies in order to make a profit.

It should be noted that when making
recommendations, it is necessary to take into account
the needs of users. To do this, it is necessary to set
a critical value

. = Yo = cryptocurrency should be sold,;
Yo = {yam <y, = cryptocurrency should bebought,
where Yy,,—is the arithmetic mean of the sample Y,
calculated by the formula:

: U]

Yy, —sample elements, | =1;s,s — sample volume.

Yam

_ 27:1y|
S

The value of y, can be set at the discretion

of the user or, based on the opinion of an expert,
according to the situation on the cryptocurrency market.

6. Conclusions

This paper presents a modification of the ATAPSN
algorithm [9] and expands the list of requirements
for selecting experts [12].

The proposed algorithm makes it possible to take
into account the level of influence of each expert from the
selected group. At the same time, the use of ATAPSN [9]
at each stage of the algorithm can significantly simplify
the process of obtaining forecasts.

This approach makes it possible to increase the
accuracy of forecasts of the rates of the selected
cryptocurrency by taking into account the contributions
of each of the selected experts, in contrast to the
algorithms presented in [9] and [10], in which either
a single expert was selected or the "main" expert
was determined from the group of experts. That is, in
both cases, the potential influence of other experts
was neglected.

The proposed algorithm is iterative. At each stage,
the posts of one expert were taken into account in
the order of the ranked list. That is, at each stage,
the previous forecast is refined in case of
an unsatisfactory error.

The number of stages of the algorithm, depending
on the value of the MAPE,, can vary from 1 to n.

This depends on the number of experts whose posts
need to be taken into account to achieve the required
forecast accuracy.

This approach calculates the a posteriori
probabilities that a post related to the selected
cryptocurrency was written by a particular expert
during the forecasting interval. They were used to
rank the experts.

It should be noted that for different time intervals,
different expert ranking results can be obtained.

To use this approach, it is recommended to
consider small time intervals (up to a week), each
of which can be used to rank experts more accurately.
This should potentially increase the accuracy of forecasts
of the selected cryptocurrency rates in the specified
time interval.

Using the frequency of posts in social media
as a parameter for determining the influence of
experts allows us to apply the classical apparatus
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of probability theory, which guarantees the correctness
of the results obtained.

The obtained forecasts are used to generate
recommendations for buying or selling the selected
cryptocurrency, depending on the user's needs and the
situation on the cryptocurrency market.

The disadvantages include the fact that the accuracy
of the forecast may be negatively affected by
an unsuccessfully chosen time interval for which
the forecast is made, since determining the duration

selected expert group can negatively affect the
algorithm's performance.

These features indicate the need for constant
monitoring of both cryptocurrency rates and expert
posts on social media.

In order to further improve the accuracy of
cryptocurrency rate forecasts and the relevance
of recommendations for buying or selling it, it is
planned to improve the obtained algorithm by
using alternative criteria for ranking experts [15],

of the impact of a particular expert's forecast is beyond developing alternative algorithms and incorporating
the scope of the task at hand. them into the general information technology

Also, the quality of the forecast depends for determining the impact of social media posts
on the selected group of experts, as a poorly on cryptocurrency rates.
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IMPOI'HO3YBAHHSA KYPCY KPUIITOBAJIIOTU
HA OCHOBI PAH)KYBAHHS EKCIIEPTHUX OIIIHOK

Ha cporonni GinbIIicTh KPUNTOBATIOTHUX Oip’K HE MAarOTh iHCTPYMEHTIB, 10 Janu O 3MOry HepeBIpUTH  Jocmiautu iHdopMariio,
MOUIMPEHY B COMIAJbHUX Mepekax MoA0 Tiel 4M iHmOi KpunToBaMOTH. lle momomarae opraHizoByBaTH BiAIIOBigHE
JIOCHI/UKEHHS 3 TIOJANBIIMM  pO3POOJICHHSM HEOOXiJHOTO IHCTPYMEHTY, IO 3a YMOBH KOPEKTHOTO 3aCTOCYBaHHS
HaJaBaTHME KOpHMCTyBayaM pEKOMEHJAIiHI IMopaaM Npo TMOJambIIi il MIOA0 JOCHIKyBaHOI B CHUCTEMi KPUITOBAIIOTH.
[pyHTYIOUMCh HAa LMX [Opajax, 3allikaBleHi 0COOM 3MOXKYTh KODUTYBATH CBOi DIlIEHHS MIOAO MNOJAIBIINX (iHAHCOBHX
KpoKkiB. B ocHOBI 3arampHOi  OUTBPIIOCTI pEeKOMEHJANIMHMX CHCTEM 3aBXKIOH JIOKUTh HEOOXINHICT  YCTAaHOBJICHHS
nesknx (akTopiB BIUIMBY, SIKMM IIi3HIIIE HaJalOThCsl INEBHI BaroBi KOeillieHTH ISl CHIPUSHHS Ta CIHPOIIEHHS (hOPMYITIOBAHHS
MOJANBIINX TOpajx IS KOPUCTyBadiB. Y Iiiifi poOOTi po3rismaeThcs caMe BIDIMB MyOmiKamii Bimommx oci0 Ha (OpMyBaHHS
[iH 3a NEBHY KPHITOBAIIOTY B KOHKPETHHIl MOMEHT 4acy. BaX/IMBICTh i HasBHICTb 3a3HAYCHOTrO BIUIMBY JOBEJICHO paHille
3 JIONOMOTOI0 CTATHCTHYHHX MeTOZAiB. MeTa AOCJTiIsKeHHS — PO3pOOJIEHHS alrOpuTMy AJs BUBYEHHS PiBHS BIUIMBY JOIICIB
KO)KHOTO eKCIepTa 3 00paHol IpylnH B CONIAIbHUX Mepexax Ha Kypc KpunToBamoTH. O0’€KTOM poOOTH € MPOTHO3 Kypcy
KPUNTOBATIOT. SIK BXigHI TOKa3HHKH 3aCTOCOBYBAIMCSI MEpENiK EKCIEpPTiB, PiBeHb BIUIMBY SKHX BHUBYATHMETHCS; I1HTEpPBAI
4yacy MJOCTI/DKeHHsS, KiIbKICTh JONMHCIB, [0 3poOMB KOXEH i3 pO3MISHYTHX €KCHepTiB 3a BKa3aHMH Imepiox dacy;
peanbHi KypcH KpPUNTOBAIIOT 3a BigmoBigHuit mepioa. Excmepts oOupanucst 3-OMiDX BiOMHX OCOOMCTOCTEH, siKi 00i3HaHi
B raiy3i (iHaHCIB 3arajoM i KPHNTOBAIIOT 30KpeMa, a0o AiSUIBHICTH SIKMX TaK YW TaK IIOB’S3aHA 3 IEBHOIO KPHIITOBAIIOTOIO.
MeTtonu nociimkeHHsl. Pam)XyBaHHS eKCIIEPTIB MPOBOJAMTHCS HAa OCHOBI (opMmysn TOBHOI iiMoBipHOCTI Ta bBaeca.
Kypcn kpunroBamoTH 3a OOpaHW Iepiof 4acy HpPOTHO3YIOTBCS 3a JOIIOMOTOI0 IIEBHOTO ITOPUTMY, 3BaKAlOYM Ha JOIHCH
ekcrieptiB y comianbaux Mmepexax (ATAPSN). J[isi KOHTPOJIO TOYHOCTI MPOTHO3iB OOUHCIIOETHCS BiHOCHA CEPEeNHs MOXHOKA.
Pexomenpanii momo QiHAHCOBUX OMepamiii i3 KPHUITOBATIOTOK (OPMYIOTHCS CIIOCOOOM YBEACHHS KPUTHYHOTO 3HAYCHHS
Kypcy Ta OOYMCICHHS CEpefHBbOr0 apH(METHIHOTO KypCiB KPHITOBATIOTH 3a BKa3aHUH Iepiox dacy. 3m00yTi pe3yJbTaTH.
YHacHimok AochiKeHb Oyino po3poOIeHO aiaropuTM, IO Ja€ 3MOTy OpaTW 1O yBard BIUIMB JOMHCIB KOXKHOTO €KCIepTa
3 00paHOi paH’)XOBaHOI TPynH Ha 3MiHM KypCiB MEBHOI KPHUITOBATIOTH. Ha OCHOBI OTpMMaHHX NPOTrHO3IB y poOoTi momana
MeTtoanka GopMyBaHHSI peKOMEH Ialii 11010 (piHaHCOBUX OMepalii 3 HUMHU.

Kiio4uoBi cjioBa: Kypc KpHIITOBAIIOTH, AJTOPUTM MPOTHO3YBAaHHS; JOMUCH B COLaJbHUX MepekKax; PaHKyBaHHS TPYITH
eKcrepTiB; iHopMalilfiHa TEXHOJIOTIs IHTEIEeKTYaJIbHOrO aHai3y.
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